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Abstract
Job search is a demanding and often demotivating process, challenging job-seekers’ self-
regulation. Particularly, mature-aged job seekers face lower reemployment chances — and may
benefit from strategies known from the lifespan literature. The current study examined
whether and when the use of aging strategies (elective selection, loss-based selection,
optimization, and compensation; SOC strategies) can support mature-aged job seekers in their
self-regulated job search process (goal establishment and goal pursuit). We collected data
from 659 mature-aged job seekers in three countries (Germany, United Kingdom, and United
States) at four different times over two months. Results of multi-level modeling showed no
support for gain-oriented strategies, namely elective selection (prioritizing one instead of
multiple goals) and optimization (investing every effort to reach one’s goal). In contrast, loss-
oriented strategies, namely loss-based selection (prioritizing or selecting a new goal after a
setback) and compensation (using new or previously unused means in the face of obstacles),
supported mature-aged job seekers’ goal establishment and goal pursuit. Moreover, with
increasing age, mature-aged job seekers reported lower reemployment efficacy (the
confidence to find a new job), which moderated the relation between compensation with goal
pursuit. Thus, compensation was particularly helpful for mature-aged job seekers’ goal pursuit
in weeks in which they reported lower (vs. higher) reemployment efficacy. These findings
highlight the importance of loss-oriented aging strategies as beneficial coping strategies. With
regard to practice, the present study speaks to the benefits of SOC strategies and points to the

development of interventions targeted toward mature-aged job seekers.

Keywords: aging; job search; mature-aged job seekers; reemployment efficacy; self-

regulation; SOC strategies



PREDICTING THE SELF-REGULATED JOB SEARCH 3

Predicting the Self-Regulated Job Search of Mature-Aged Job Seekers: The Use of

Elective Selection, Loss-Based Selection, Optimization, and Compensation Strategies

Job search and unemployment pose serious challenges not only to people’s financial
security (Ranzijn et al., 2006), identity (Kira & Klehe, 2016), health, and well-being (Griep et
al., 2015) but also to their self-regulation (Klehe & van Hooft, 2018). The search for
reemployment is a highly demanding and often demotivating process filled with setbacks and
negative feedback (van Hooft & Noordzij, 2009; Wanberg et al., 2010). Mature-aged job
seekers in particular face stereotypes and discrimination (Posthuma & Campion, 2009),
receive fewer job offers (Wanberg et al., 2016), and need longer to find reemployment
(Kanfer et al., 2001). These difficulties can impair job seekers’ reemployment efficacy
(Dahling et al., 2013; Westaby & Braithwaite, 2003), namely their confidence to find a new
job (Wanberg et al., 2010), which makes the search for reemployment even harder. Given
these challenges and the relevance of mature-aged job seekers in the face of global workforce
aging (OECD, 2006), it is important to understand how mature-aged job seekers’ ongoing job
search can be supported.

Job search calls for continuous high self-regulation because of its unpleasant process
and setbacks (van Hooft et al., 2013). For mature-aged job-seekers, the two self-regulatory
phases proposed as central are goal establishment and goal pursuit (Fasbender & Klehe,
2019): goal establishment involves setting job-search-related goals, whereas goal pursuit
involves specific behavioral activities to reach these goals. Thereby, goal establishment
informs goal pursuit, meaning that the clearer one’s goals are, the better these goals can be
pursued (Coté et al., 2006). When facing the harsh challenges and low prospects that job
search entails for mature-aged job seekers, these job seekers’ goal establishment and goal
pursuit may benefit from four strategies identified in the aging literature to help aging workers

to continuously utilize their capabilities in the best possible way, namely elective selection,
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loss-based selection, optimization, and compensation (SOC strategies; Freund & Baltes, 2002;
Moghimi et al., 2017).

We consider the dynamic nature of the job search process (Wanberg et al., 2005;
Wanberg et al., 2010) by applying a within-person approach and study how and when the
SOC strategies can facilitate mature-aged job seekers’ weekly goal establishment and goal
pursuit. Specifically, we argue that mature-aged job seekers’ goal establishment is stronger in
weeks in which they focus on one instead of multiple job search goals (i.e., elective selection)
and re-prioritize or select new goals in response to setbacks (i.e., loss-based selection; Freund
& Baltes, 2002). Also, we theorize that mature-aged job seekers’ goal pursuit is stronger in
weeks in which they invest themselves in their job search (i.e., optimization) and respond to
setbacks and challenges by using new or previously unused means (i.e., compensation; Freund
& Baltes, 2002). Moreover, we focus on the moderating role of age and reemployment
efficacy. We expect that with increasing age, mature-aged job seekers’ reemployment efficacy
will decrease and that reemployment efficacy moderates the SOC strategies’ relations with
goal establishment and goal pursuit. We assume that mature-aged job seekers benefit more
strongly from using SOC strategies in weeks in which their reemployment efficacy is lower
(vs. higher) because self-regulation is more important when one’s confidence about finding a
new job has plummeted (Kanfer & Bufton, 2018). Figure 1 shows our conceptual model.

With this, we aim to make three contributions to the literature. First, we contribute to
the emerging research on the self-regulated job search by focusing on two central phases of
the job search process among mature-aged job seekers, namely goal establishment and goal
pursuit (Fasbender & Klehe, 2019). As the self-regulated job search is dynamic and can vary
from week to week (Wanberg et al., 2005; Wanberg et al., 2010), we apply a within-person
design. With this, we shift the attention toward the changes job seekers experience over time
and away from the well-studied between-person approach because findings on one level do

not necessarily generalize to the other level (Dalal et al., 2014).
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Second, we introduce the SOC strategies stemming from the aging literature as
adaptive coping strategies to the job search context. Specifically, we study how SOC
strategies can facilitate goal establishment and goal pursuit. Thus, we test part of the
conceptual model of job search and (re)employment from a lifespan development perspective
(Fasbender & Klehe, 2019). While previous research mainly studied whether job seekers have
self-regulatory resources or not (Kanfer et al., 2001; Liu, Wang et al., 2014), little is known
about how job seekers actually manage their goals and means during the job search process.
Relatedly, we also contribute to the research on SOC strategies. Past research has either
focused on the four SOC strategies’ aggregated effect (Breevaart & Zacher, 2019; Venz et al.,
2018) or isolated strategies (Abele & Wiese, 2008). We add to a more fine-grained
understanding of the SOC strategies’ usefulness by disentangling the four SOC strategies and
examining their distinct effects on goal establishment and goal pursuit.

Third, we deepen our understanding of the job search among mature-aged job seekers
by exploring the moderating role of age and reemployment efficacy on the links between SOC
strategies with goal pursuit and goal establishment. So far, we know little about why mature-
aged job seekers engage in different job search behaviors (Wanberg et al., 2016), as only a
few studies addressed the mechanisms explaining the moderating role of age (Zacher, 2013;
Zacher & Bock, 2014). We expect that age diminishes mature-aged job seekers’ confidence in
finding reemployment and, thus, explain why SOC strategies become more important with
increasing age. Hence, by explicitly taking age and reemployment efficacy into account, we
shed light on mature-aged job seekers’ psychological conditions when searching for
reemployment and highlight how particularly mature-aged job seekers, who often have little

confidence to find a new job, can benefit from the use of the SOC strategies.
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Theoretical Background and Hypotheses Development

Self-Regulated Job Search

Job search is a self-regulated process in which cognition and behavior are devoted to
identifying and pursuing job opportunities (van Hooft et al., 2020). Furthermore, it is highly
dynamic with considerable variability within job seekers (da Motta Veiga & Turban, 2018;
Kreemers et al., 2018; Wanberg et al., 2005), as job seekers’ search intensity can change (i.e.,
decrease, remain stable, or increase over time; Wanberg et al., 2005) from week to week.

When addressing the job search process among mature-aged job seekers, Fasbender
and Klehe (2019) identified two self-regulatory phases as particularly important: goal
establishment and goal pursuit. Goal establishment involves setting job-search-related goals.
Conscious and clear goals are important to initiate targeted job search behavior (van Hooft et
al., 2013). Having clear job search goals likely helps to commit to these goals and implement
them in an organized hierarchical system (Fasbender & Klehe, 2019; van Hooft et al., 2013).
Previous research found clear job search goals to positively predict relevant job search
outcomes, such as employment quality (van Hooft et al., 2020), job improvement, career
growth, and organizational identification (Zikic & Klehe, 2006). Moreover, interventions
including a goal-setting component are more effective for obtaining reemployment than
interventions without (Liu, Huang et al., 2014). Goal pursuit describes the effort that job
seekers put into specific behavioral actions to reach the established job search goal (e.g.,
looking for jobs on the internet, revising the resume, or sending out application letters). Goal
pursuit predicts key job search outcomes, such as the number of received job offers and the
duration of unemployment (Kanfer et al., 2001; van Hooft et al., 2020; Wanberg et al., 2016).

Conceptually, goal establishment and goal pursuit are related, meaning that goal
establishment should inform goal pursuit (van Hooft et al., 2013). Thus, we assume that in
weeks in which job seekers set clearer goals for themselves, it is easier for them to pursue

these goals. In contrast, in weeks in which job seekers formulate no or only vague goals, their
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goal pursuit is lower because it is hard to pursue specific activities out of non-existing or
unclear goals. In line with this assumption, previous research on the between-person level
found that job seekers who only set vague goals for themselves showed lower goal pursuit
(Coté et al., 2006). We state:

Hypothesis 1: Job seekers’ within-person goal establishment is positively related to

within-person goal pursuit.

Elective Selection, Loss-Based Selection, Optimization, and Compensation

The SOC model has its origin in the lifespan development literature to address
strategies that help people coping with aging-related changes over the lifespan (Baltes et al.,
1999), as people experience more losses and fewer gains over the lifespan (Heckhausen et al.,
1989), and need to rebalance these experiences. Based on action-theoretical framework, the
SOC model describes four aging strategies that are categorized along two dimensions. They
can (1) be categorized as goal focused (i.e., elective and loss-based selection) and means-
focused (i.e., optimization and compensation), or (2) as gain-oriented (i.e., elective selection
and optimization) and loss-oriented (i.e., loss-based selection and compensation). People may
use them to rebalance their gains and losses by improving (i.e., gain-oriented strategies) or
restoring (i.e., loss-oriented strategies) effective functioning (Moghimi et al., 2017).

The SOC model first addresses the goals that people pursue and differentiates two
selection strategies: elective selection and loss-based selection. Elective selection is defined as
the prioritization of one’s primary goals rather than pursuing multiple goals simultaneously in
order to reach a desired state (Freund & Baltes, 2002). Applied to the job search context, this
might imply, for example, that a job seeker first focuses on finding a job that fits their
working experience before looking for a job that also pays well. Loss-based selection is
defined as the reconstruction of one’s goal system to maintain a given level of functioning
within that goal domain, despite setbacks and shortcomings. It implies that people disengage

from unattainable goals and adjust or select new goals when they experience losses (Freund &
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Baltes, 2002; Moghimi et al., 2017). Specifically, this strategy is necessary when they cannot
compensate for the lack of one capacity by acquiring another (Moghimi et al., 2017). Within
job search, this could entail that a job seeker who failed to “find a job within walking
distance” redefines their job search goal (e.g., “find a job accessible with public transport”).

Second, the SOC model addresses optimization and compensation, which are both
means-focused (Fasbender & Klehe, 2019; Freund & Baltes, 2002), as they address the
approach that people use to pursue their goals. Optimization is defined as the use of available
means, and it aims to acquire, apply, and improve the use of appropriate means (e.g., effort,
knowledge, and time) to reach goals (Freund & Baltes, 1998). Transferred to the job search
context, optimization might manifest, for instance, by using a time of the day that one is most
motivated to look for a job. Compensation is defined as the search for and use of new or
previously unused internal (e.g., personal time) or external (e.g., job information from friends)
means. It enables people to find alternative ways to reach a goal (Freund & Baltes, 1998) and
thus helps to restore functioning in the absence or loss of goal-relevant means (Moghimi et
al., 2017). Applied to job search, compensation may entail that a mature-aged job seeker
without a computer of their own borrows a computer from a friend or goes to an internet café
to pursue their job search goals.

As already mentioned, the SOC strategies can be further categorized into gain-oriented
(i.e., elective selection and optimization) and loss-oriented (i.e., loss-based selection and
compensation) strategies. Gain-oriented strategies focus on reaching a desired state. In this
regard, elective selection involves the focus on a few goals and a specific goal domain,
whereas optimization involves the investment of goal-relevant means to reach these goals.
Loss-oriented strategies focus on how to react to a loss. Specifically, loss-based selection is
about changing the goal itself, whereas compensation is about the use of alternative means to

reach the same goal (Freund & Baltes, 2002).
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Elective and Loss-Based Selection on Goal Establishment

We expect that elective and loss-based selection support mature-aged job seekers’ goal
establishment because both strategies concern the appropriate selection of goals. To decide
which goals to focus on, one needs to have an idea about which goals are most important,
urgent, or desired (Moghimi et al., 2017). A focus on the most important goals likely results
in clearer goals that one can better commit to. During job search, elective selection may help
to focus on the goal to find a job and to delay goals related to other life domains, such as
family (e.g., babysitting the (grand)children) or hobbies (e.g., training for a marathon).
However, when mature-aged job seekers face obstacles that are hard to overcome (e.g., a
craftsperson seeking work after suffering a back injury), loss-based selection may help them
to reposition themselves and adjust or find new goals (e.g., teaching students in their field of
expertise) instead of giving up. Therefore, both strategies likely facilitate goal establishment.
Since both the use of SOC strategies and the job search process vary within people (Moghimi
et al., 2017), we assume that mature-aged job seekers show more goal establishment in weeks
they use elective and loss-based selection strategies compared to weeks in which they do not
use these strategies. Following this argumentation, we state:

Hypothesis 2: Job seekers’ within-person (a) elective and (b) loss-based selection are

positively related to within-person goal establishment.
Optimization and Compensation on Goal Pursuit

Optimization and compensation are means-focused. Rather than targeting people’s
goals per se, they address the means by which people strive toward these goals and thus, are
likely to improve job seekers’ goal pursuit. Specifically, optimization strategies imply a focus
of one’s available means to the task at hand. Thus, they may help mature-aged job seekers to
allocate their personal time and energy to their job search activities (Venz et al., 2018).
Mature-aged job seekers may focus their attention on the benefits of finding a new job (e.g.,

socio-emotional meaning at work) and withstand temptations like invitations or calls for help
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by friends. Hence, the use of optimization strategies should ensure that mature-aged job
seekers realize their planned job search activities. Compensation may help them to figure out
alternative routes toward reemployment instead of giving up after setbacks and losses, and
thus foster goal pursuit. Furthermore, compensation likely ensures goal pursuit by utilizing
social contacts (i.e., external means) when a job seeker otherwise could not carry out the task.
For example, a mature-aged job seeker might contact previous colleagues for advice or
possible job openings. Following this argumentation, we assume that mature-aged job seekers
show more goal pursuit in weeks when they use more optimization and compensation
strategies compared to weeks when they use less of these strategies. Thus, we state:

Hypothesis 3: Job seekers’ within-person (a) optimization and (b) compensation are

positively related to within-person goal pursuit.
The Moderating Effect of Age and Reemployment Efficacy on Job Search

Job search differs within the group of mature-aged job seekers (Wanberg et al., 2016).
Therefore, we study how age moderates the relations between elective selection and loss
based selection with goal establishment, and optimization and compensation with goal
pursuit. However, as age is just a number, we need to study the psychological mechanism that
can explain the moderating role of age, such as reemployment efficacy. Reemployment
efficacy can be defined as the believed ability to obtain job offers or find an acceptable job (da
Motta Veiga & Turban, 2018; Wanberg et al., 2010). We assume that job seekers’ age via
reemployment efficacy moderates the relations between SOC strategies with goal
establishment and goal pursuit. Thus, we want to clarify for whom these strategies are most
effective. We expect that these strategies are most effective when mature-aged job seekers’
reemployment efficacy is lower, which is more likely the case, the older a job seeker is.

First, we argue that age reduces reemployment efficacy because negative job search
experiences add to a heightened experience of losses for mature-aged job seekers. With

increasing age, job seekers face more challenges and reduced reemployment prospects.



PREDICTING THE SELF-REGULATED JOB SEARCH 11

Recruiters tend to have negative attitudes toward mature-aged applicants (Fasbender & Wang,
2017), leading to fewer job offers (Wanberg et al., 2016) and longer time to reemployment
(Kanfer et al., 2001). Previous research reported a negative correlation between age and
reemployment efficacy (Liu, Wang et al., 2014; Wanberg et al., 2010). Thus, we state:

Hypothesis 4: Age is negatively related to reemployment efficacy.

Second, reemployment efficacy should moderate the relations between SOC strategies
with job search behavior. While we argued how increasing age can weaken reemployment
efficacy on the between-person level, job seekers’ reemployment efficacy can vary during the
job search process (Liu, Wang et al., 2014). Declines within a job seekers’ reemployment
efficacy can impair their job search process and therewith, increase the need to use coping
strategies (Kanfer & Bufton, 2018). SOC strategies were originally devised to identify how
people can successfully cope with the increasing challenges of aging as a context of harsh
challenges and declining prospects (Heckhausen et al., 1989). Transferring these insights to
the job search context, SOC strategies may be particularly useful in weeks in which mature-
aged job seekers doubt to find reemployment. We, therefore, study reemployment efficacy as
a moderator to the links between SOC strategies with goal establishment and goal pursuit.
Reemployment Efficacy and Goal Establishment

Specifically, reemployment efficacy will likely moderate the within-person relations
of elective and loss-based selection with goal establishment such that job seekers should
benefit more from elective and loss-based selection in weeks in which their reemployment
efficacy is lower compared to weeks in which it is higher, as in the latter case, job seekers
tend to set higher goals (Bandura & Locke, 2003). Thus, no particular strategies may be
needed to ensure a successful goal establishment and job seekers will likely be less dependent
on elective and loss-based selection. Yet, in weeks in which job seekers’ reemployment
efficacy is lower, the successful establishment of their goals is endangered, and they may

benefit from elective selection and loss-based selection to ensure a successful goal
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establishment. For example, the use of elective and loss-based selection enables job seekers to
set more autonomous goals (Bajor & Baltes, 2003) and to adjust these goals with a lot of
flexibility (Freund & Baltes, 2002). This should keep job seekers’ goal establishment high,
despite lower reemployment efficacy. However, if mature-aged job seekers fail to electively
select their goals or to adapt them while they perceive their reemployment efficacy as lower,
they will less likely devise clear goals but rather find themselves discouraged. We state:
Hypothesis 5: Job seekers’ within-person reemployment efficacy moderates the
relations between within-person (a) elective selection and b) loss-based selection with
goal establishment in a way that the positive relation will be stronger when
reemployment efficacy is lower (vs. higher).
Reemployment Efficacy and Goal Pursuit
Similarly, reemployment efficacy will likely moderate the within-person relations
between optimization and compensation with goal pursuit. In weeks in which job seekers
perceive their reemployment efficacy as higher, they less likely need to manage themselves
via optimization and compensation and should maintain a relatively high goal pursuit, as
higher reemployment efficacy goes along with persisting in the face of setbacks (Bandura &
Locke, 2003). Yet, in weeks in which job seekers perceive their reemployment efficacy as
lower, their goal pursuit might be endangered, and they likely benefit more from optimization
and compensation, as a higher use of these strategies implies a higher investment of energy
into goal achievement (Freund & Baltes, 1998). However, if they fail to optimize their goal
pursuit or compensate for experiencing losses in the face of lower reemployment efficacy,
they will less likely be able to pursue their goal. We state:
Hypothesis 6: Job seekers’ within-person reemployment efficacy moderates the
relation between within-person (a) optimization and (b) compensation with goal
pursuit in a way that positive relations will be stronger when reemployment efficacy is

lower (vs. higher).
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Method

Sample and Procedure

We surveyed mature-aged job seekers via four online questionnaires spread across two
months. The surveys were administered bi-weekly, thus participants were invited to complete
a survey every second week. We allowed participants up to four days to complete each
survey. We chose a time lag between questionnaires of two weeks because the job search
process is highly dynamic and may change from week to week (Kreemers et al., 2018;
Wanberg et al., 2005). The data for this study was collected as part of a bigger data collection.
The first survey covered participants’ demographics (i.e., age, gender, educational level,
unemployment duration, country), and all four surveys covered all study variables (i.e., goal
establishment, goal pursuit, SOC strategies, reemployment efficacy).

Participants received financial compensation for each questionnaire they completed
(up to €17 in total)!. They were recruited via a professional data collection company, which
creates data with similar psychometric properties and criterion validities compared to
conventional data collection methods (Walter et al., 2019). We recruited participants from
three different countries (i.e., Germany, the United Kingdom, and the United States) and thus
considered participants from different cultural, unemployment, and retirement systems
(Wanberg et al., 2020). Participants were invited if they were 40 years? or older, currently
unemployed and actively looking for a job (cf. Zacher, 2013; Zacher & Bock, 2014). Overall,
659 participants took part at Time 1. To ensure data quality and that participants paid
attention to the questions’ content, we checked for straightliners (i.e., identical answers in a

set of questions so that positive and negative recoded items of a construct were rated the

! Participants received €5 for the first and longest questionnaire. For the second, third and fourth questionnaire
they received €3, €4, and €5 respectively, as an increase of compensation with each questionnaire can foster
participants motivation not to drop-out (Wang et al. , 2017).

2 Although there is no standardized definition of who is considered a mature-aged worker, we chose 40 years as a
cut-off value, which is consistent with the United States Age Discrimination in Employment Act (United States
Equal Employment Opportunity Commission , 2013) and previous studies on mature-aged job seekers (Zacher,
2013; Zacher & Bock; 2014).
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same) at all four time points (Zhang & Conrad, 2014). We excluded 36 participants because
they failed the check for straightliners more than once during a questionnaire. Of the resulting
623 participants, 224 also took part at Time 2, 191 took part at Time 3, and 147 took part at
Time 4, resulting in 1185 available data points. Following recommendations by Goodman and
Blum (1996), we tested if the final sample differed from “leavers” (i.e., participants who were
excluded, stopped responding, and/or found a job during the study) on control (i.e., gender,
unemployment duration, country, and educational level) and study variables (i.e., SOC
strategies, reemployment efficacy, goal establishment, goal pursuit, and age). We found no
significant differences for gender and unemployment duration. However, the educational level
was slightly lower among “leavers” (#(657) = 2.31, p = .013). In the “leavers”-group were
significantly more German job seekers than American job seekers compared to the final
sample (2(657) = —2.19, p = .030). There was no difference between British and American job
seekers in the two groups. Regarding our study variables, we found no difference for elective
selection, optimization, compensation, reemployment efficacy, and goal establishment.
However, loss-based selection (#(657) = —2.81, p = .005) and goal pursuit (£(657) =—2.74, p =
.006) were both slightly higher among “leavers”.

Of the total sample (N = 623), 432 (69.34%) were female and 188 (30.18%) held a
university degree. About half of the sample (n = 325, 52.17%) lived in the United States and
the others in the United Kingdom (n = 158, 25.36%) or Germany (n = 140, 22.47%). On
average, participants were 51.13 years old (SD = 7.56; ranging from 40 to 80) and on average
unemployed for 5.40 months (SD = 3.47; longest unemployment duration was 14 months).
Measures

Items were administered in the respective language of the participants, namely in
English and German, for which they had previously been translated using the back-translation
process (Brislin, 1970). We introduced all job search-related items with: “In the past week,

how have you approached your job search?”, followed by the constructs and their items.
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Goal Establishment

Goal establishment was measured by the three items from Gould (1979) that address
the existence and clarity of career goals. The items were answered on a 7-point Likert scale
ranging from 1 (Strongly disagree) to 7 (Strongly agree). An example (reverse coded) item
was: “My career objectives are not clear” (Cronbach’s o = .88).
Goal Pursuit

We measured goal pursuit with van Hooft et al.’s (2004) 11-item version of Blau’s
(1994) classic job search scale. The items were answered on a 5-point Likert scale ranging
from 1 (No time at all) to 5 (4 great deal of time). The items were introduced with “In the past
week, how much time did you spend on each of the following job search activities?”’; an
example was “Looked for jobs on the internet” (Cronbach’s o = .91).
SOC Strategies

We measured the use of the SOC strategies with the 12-item scale by Baltes et al.
(1999). Items were answered on a 7-point Likert scale ranging from 1 (Does not apply at all)
to 7 (Applies completely). We contextualized the scale by adding “during my job search” to
each item. Example items were: “I concentrate all my energy on few things during my job
search” (elective selection; Cronbach’s a = .89), “When I can’t do something important the
way I did before, I look for a new goal during my job search” (loss-based selection;
Cronbach’s a = .91), “If something matters to me during my job search, I devote myself fully
and completely to it” (optimization; Cronbach’s o =.91), and “When things don’t go as well
as they used to during my job search, I keep trying other ways until I can achieve the same
result I used to” (compensation; Cronbach’s o = .88).
Age

We rescaled the chronological age of the participants by a factor of 10 to facilitate the

interpretation of the coefficient in our statistical analyses and results (Fasbender et al., 2020).
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Reemployment Efficacy

Reemployment efficacy was measured with the 4-item scale by Wanberg et al. (2010).
The items were answered on a 7-point Likert scale ranging from 1 (Strongly disagree) to 7
(Strongly agree). The items were introduced with “How confident are you about the
following”, an example item was “Finding a job that I like” (Cronbach’s o = .81).
Control Variables

We included gender (1 = female, 2 = male) and educational level (1 = no university
degree, 2 = university degree) as potential control variables as male and higher educated job
seeker showed more job search intensity (Kanfer et al., 2001). We also included country (two
dummy-coded variables for the United Kingdom and Germany with the United States as the
reference country) as a potential control-variable, as countries differed in respondents’ job
search intensity (Wanberg et al., 2020). Finally, we controlled for unemployment duration (in
months), as job search intensity decreased across the time unemployed (Kulik, 2001).

Results

Preliminary Analyses

Table 1 presents correlations, means, standard deviations, and Cronbach’s alphas of all
study variables. As country, educational level, and unemployment duration correlated
significantly with goal establishment or pursuit, we included them as control variables in the
analysis (Becker et al., 2016). The intraclass correlations of all within-variables ranged
between .53-.71, whereas 67% of the total variance of goal establishment was within-person;
24% of goal pursuit, between 69 and 93% of the SOC strategies and 29% of reemployment
efficacy. These results show sufficient within-person fluctuation, calling for a multilevel
approach (Singer et al., 2003). Weeks (Level 1) were nested in job seekers (Level 2) and
hierarchical linear modeling was applied to meet the requirements of this multilevel structure
(Raudenbush & Bryk, 2002). The data was analyzed using MPlus 8.3 (Muthén & Muthén,

2018).
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Construct Validity

We conducted multilevel confirmatory factor analyses to test the construct validity of
the measures used in our model. For goal pursuit we created three parcels using the item-to-
construct balance method to improve the parameter to respondents ratio, which otherwise
could lead to instability of the factor solution (Little et al., 2002). This is acceptable as our
focus lies on the structural relation (Sterba & Rights, 2017; Wanberg et al., 2020). Our 7-
factor solution (i.e., goal establishment, goal pursuit, reemployment efficacy, elective
selection, loss-based selection, optimization, and compensation) reached an acceptable fit, and
was superior to alternative 6-, 5-, 4-, and 1-factor solutions (Table 2). These results support
the discriminant validity of the measures used in our study.
Measurement Invariance

Next, we tested measurement invariance across the three countries using multigroup
confirmatory factor analyses to ensure that the scales were similarly understood by
participants from the three different countries (Davidov et al., 2014; Wanberg et al., 2020).
First, we tested our model for configural invariance (i.e., same factor structure) which resulted
in a reasonable fit (x*(587) = 878.321, p <.001, CFI = .906, RMSEA = .035). We then
applied several constraints to test for metric invariance (i.e., same factor loadings), scalar
invariance (i.e., same intercepts) and full invariance (i.e., same residuals). We compared the
CFI values of the subsequent models and used the recommended cut-off value of 0.01
(Cheung & Rensvold, 2002). The difference between the configural and metric invariance
model, and the metric and the scalar invariance model was smaller than the cut-off-value of
0.01. However, the difference between the scalar and full invariance model was bigger than
0.01. The results suggest scalar invariance across the three countries and therefore we can

pool the data together into one sample (Table 3).



PREDICTING THE SELF-REGULATED JOB SEARCH 18

Hypotheses Testing

Results of the hierarchical linear modeling employed to test Hypotheses 1 to 7 are
presented in Table 4. On the within-person level, we found a positive and significant effect for
goal establishment on goal pursuit (y = 0.06, p = .010); Hypothesis 1 was therefore supported.
Additionally, on the between-person level, we found a similar effect (y = 0.06, p =.010).

On the within-person level, results revealed no significant effect for elective selection
on goal establishment (y = 0.03, p = .569); Hypothesis 2a was therefore not supported.
However, we found a positive and significant effect for loss-based selection (y =0.12, p =
.043), supporting Hypothesis 2b. Similar results emerged on the between-person level for both
elective selection (y = 0.07, p = .306) and loss-based selection (y = 0.13, p = .066).

On the within-person level, results revealed no significant effect for optimization on
goal pursuit (y = 0.05, p = .108); Hypothesis 3a was therefore not supported. However, we
found a positive and significant effect for compensation (y = 0.12, p = .012), supporting
Hypothesis 3b. Additionally, on the between-person level, we found positive and significant
effects for both optimization (y = 0.09, p =.005) and compensation (y = 0.21, p <.001).

On the between-person level, we found a significant and negative effect of age on
reemployment efficacy (y = —0.21, p = .003), supporting Hypothesis 4.

On the within-person level, the results revealed no significant interaction effect
between reemployment efficacy and elective selection (y = —0.02, p = .886), nor between
reemployment efficacy and loss-based selection on goal establishment (y = —0.05, p = .649).
Thus, Hypotheses 5a and 5b were not supported. On the between-person level, the results
were similar for the interaction effect between reemployment efficacy and elective (y = —0.03,
p =.637) and loss-based selection (y = 0.09, p =.077).

On the within-person level, we found no significant effect for the interaction between
reemployment efficacy and optimization (y = 0.02, p =.736), thus, Hypothesis 6a was not

supported. However, we found a significant interaction effect between reemployment efficacy
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and compensation on goal pursuit (y = —0.14, p =.024). We plotted the interaction effect one
standard deviation (SD) above and below the mean of reemployment efficacy (Figure 2).
Furthermore, a simple slope difference test revealed that the positive relation between
compensation and goal pursuit was stronger when reemployment efficacy was lower (=1 SD,
simple slope = 0.26, p = .004) as compared to job seekers with average reemployment
efficacy (simple slope = 0.12, p =.009, slope difference = —0.14, p =.020), and no longer
significant when reemployment efficacy was higher (+ 1 SD, simple slope = —0.02, p =.729,
slope difference = —0.14, p = .020). Together, these findings support Hypothesis 6b.

Although not explicitly hypothesized, we tested the indirect moderation effect of age
via reemployment efficacy on the relation between compensation and goal pursuit. This effect
was positive and significant (y = 0.03, 95% CI [.0033, .0641]). Specifically, we found that the
effect of compensation on goal pursuit was 0.14 (95% CI [—.0539, —.0001]) when job seekers’
age (via reemployment efficacy) was higher (+1 SD) versus 0.09 (95% CI [—.0359, .0001])
when job seekers’ age was lower (—1 SD). Relatedly, the difference between the two effects
was significant (difference = —0.04, 95% CI [—.0218, —.0001]).

On the between-person level we further found significant interaction effects for
reemployment efficacy and both optimization (y =—0.07, p = .001) and compensation (y =
0.05, p =.006, Table 4). Yet, both between-person level moderation effects became non-
significant when tested in separate models and thus were not further considered.

Post-Hoc Multigroup Analysis

Following the procedure of Wanberg et al. (2020), we further analyzed the robustness
of our results across the three countries. In particular, we specified the three countries as
groups and ran a multigroup multilevel analysis. First, we estimated a free model as a baseline
model for our outcome variables where all paths could vary freely across the three countries.
Next, we set all the hypotheses’ relevant effects (i.e., SOC strategies, interaction terms and

goal establishment on the within-level and age on the between-level) invariant across the three
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countries to create a substantive study variables model. The results showed no significant
deterioration of the model fit compared to the baseline model (Ay*(20) = 22.207, p = .329).
Furthermore, we applied additional equality constraints by setting the rest of the variables (i.e.
SOC strategies, interaction terms and goal establishment on the between-level as well as the
control variables and reemployment efficacy) invariant across the three countries. The results
showed no significant deterioration of the model fit compared to the substantive study
variables model (Ax*(38) = 47.518, p = .139). These results suggest that the effects we found
for our substantive study variables as well as for our control variables are similarly supported
in all three countries (Cheung & Rensvold, 2002; Wanberg et al., 2020).

Discussion

This study aimed to investigate whether the use of the SOC strategies can support
mature-aged job seekers in the course of their job search process and to understand the
moderating role of age and reemployment efficacy. With this, we contributed to the literature
on self-regulation during job search and tested the potential benefits of aging strategies not in
the aging but in another context full of challenges and setbacks (i.e., job search context).

The findings from our multilevel analysis indicate that goal establishment informed
goal pursuit on the within- and the between-person level. Thus, in weeks in which job seekers
established clearer employment goals for their future, they also pursued these goals more
intensely, and job seekers who generally set clear goals showed a higher goal pursuit.

Moreover, we found on the within-person level that mature-aged job seekers’ goal
establishment improved whenever they used loss-based selection and their goal pursuit
improved whenever they used compensation strategies. In contrast, elective selection was
unrelated to participants’ goal establishment, nor did their use of optimization strategies lead
to an increase in their goal pursuit. On the between-person level, our results were similar, with
the exception of loss-based selection, which was only marginally significant and optimization,

as job seekers who generally used it more showed a higher goal pursuit. Taken together, these
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results highlight the benefits of loss-oriented aging strategies (i.e., loss-based selection and
compensation) in supporting mature-aged job seekers in their self-regulatory job search
process. As we consistently found these effects both on the within- and between-person level,
loss-oriented strategies generally appear beneficial, both for an individual going through the
job search process across time and between persons. Job seekers who apply these strategies
more were also more engaged in goal establishment and goal pursuit. In contrast, in the case
of the gain-oriented aging strategies, we only found an effect for optimization, and this effect
only occurred on the between-person-level. These findings are in line with earlier research
that noted how losses are more salient to people than gains (Schmitt et al., 2012; see also
Hobfoll, 1989) and showed that SOC strategies lead to higher work-related outcomes, such as
an increased job performance and work engagement (Moghimi et al., 2017; Venz et al., 2018).

Regarding the moderating role of reemployment efficacy, we found that compensation
strategies were primarily effective in supporting goal pursuit in weeks in which mature-aged
job seekers faced a lower reemployment efficacy. In contrast, in weeks when reemployment
efficacy was higher, job seekers’ goal pursuit remained comparably high, regardless of their
use of compensation strategies. Especially since reemployment efficacy neither moderated the
relations between elective or loss-based selection with goal establishment nor between
optimization with goal pursuit, we see an increased need for compensation to keep on going
as soon as a job seeker is in doubt of their job search success. These results fit previous
research showing SOC strategies to be particularly effective in difficult (employment)
situations (Miiller et al., 2016). Additionally, the difficulties accompanied by lower
reemployment efficacy seem to be only relevant when job seekers pursue their job search
goals but does not seem to influence the goals they set themselves.

Furthermore, we found that with increasing age, mature-aged job seekers reported
lower levels of reemployment efficacy. Thus, the relation between compensation and goal

pursuit was indirectly moderated by age via reemployment efficacy: Older mature-aged job
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seekers with lower reemployment efficacy benefited more from compensation to improve
their goal pursuit than younger mature-aged job seekers with lower reemployment efficacy.
Theoretical Implications

This study offers three theoretical implications for the scholarly literature. First, in line
with conceptual work on the job search process (van Hooft et al., 2013), we found goal
establishment to inform goal pursuit. Therefore, we expand our understanding of job search as
a dynamic process by applying a within-person design and showing intra-individual
variability in the job search process over time (Schmitt et al., 2012; Venz et al., 2018). By
simultaneously considering within-person and between-person effects, we provide a complete
picture of the self-regulated job search. Furthermore, we underline the importance of such
combined approaches, as our results were not always generalizable from one level to another.

Second, our findings extend the job search literature by introducing the SOC strategies
and expand our knowledge on the job search among mature-aged job seekers by supporting
parts of the conceptual model of job search and reemployment by Fasbender and Klehe
(2019). Prior research has addressed the benefits of different resources that aid job seekers’
job search (Kanfer et al., 2001; Liu, Wang et al., 2014). This study does not focus on job
seekers’ resources but on their aging strategies in terms of selecting and pursuing their
employment goals. Specifically, we showed that loss-oriented strategies play a crucial role in
mature-aged job seekers’ job search process. No support was found for the benefits of gain-
oriented strategies. Thus, protecting oneself from negative aspects and finding a way around
obstacles of the job search process seems to offer a greater benefit for mature-aged job
seekers’ self-regulated job search than prioritizing a small number of goals and optimizing
one’s available means and behavior, which might be because of the rather heightened amount
of negative job search experiences (Klehe & van Hooft, 2018). Considering research on SOC

strategies (Breevaart & Zacher, 2019; Venz et al., 2018), our findings show distinct effects of
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different SOC strategies, rather than combining these strategies in a conglomerate (cf.
Moghimi et al., 2017), our results thus encourage a differentiated consideration.

Third, we deepen our understanding of job search particularly among mature-aged
people, by highlighting the moderating role of age and reemployment efficacy concerning the
relation between the SOC strategies and goal establishment and goal pursuit. We uncovered a
mechanism (i.e., reemployment efficacy) that explains why mature-aged job seekers with
increasing age engage differently in their job search behavior (Wanberg et al., 2016).
Specifically, we found that those with higher (vs. lower) age benefit more from using
compensation strategies to improve their goal pursuit due to their lower (vs. higher)
reemployment self-efficacy. The difference within the group of mature-aged job seekers
illustrates the importance of age-heterogeneity when studying specific age groups (cf. Nagy et
al., 2019).

Practical Implications

With regard to practice, the present study first points to the variability of job search
within people. For practitioners advising job seekers during the job search process, this may
imply that rather than offering one-time advice, job seekers may benefit from repeated
counseling to clarify and adjust their goals and maintain a high goal pursuit.

Second, the results suggest that the use of loss-oriented SOC strategies should be
encouraged within mature-aged job seekers to manage the increased losses and setbacks they
encounter when searching for a job. Specifically, they should focus on learning about loss-
based selection to foster their goal establishment and about compensation to foster their goal
pursuit. For example, instead of giving up on a goal (e.g., finding a job in the same industrial
sector), a job seeker should look for other attainable goals (e.g., finding a job in another
industrial sector; i.e., loss-based selection), or they could involve friends and family members

to help with their job search (e.g., proof-reading the motivation letter; i.e., compensation).
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Furthermore, our findings point to the development of interventions targeting job
seekers’ SOC strategies use. For example, earlier research demonstrated notable effects of
face-to-face interventions focusing on the training of SOC strategies among nurses who faced
difficult employment situations (e.g., low job control; Miiller et al., 2016). In the context of
job search, career counselors and unemployment agencies could implement such
interventions, for instance, by training mature-aged job seekers to select relevant job search
goals and to allocate their time and effort effectively, especially in the face of job-search-
related losses. Furthermore, they could be made aware of the dynamic nature of the job search
and its possible pitfalls. Our findings highlight that job seekers can profit from interventions
targeting SOC strategies particularly in times in which their reemployment efficacy is lower.

Moreover, also mature-aged job seekers’ reemployment efficacy should be fostered,
since interventions that target both motivational aspects (e.g., reemployment efficacy) and
skill enhancements (e.g., goal setting, SOC strategies) are more effective in contrast to
interventions that focus on only one of these aspects (Liu, Huang et al., 2014). It is reasonable
to assume that other job seekers who are challenged by unfavorable conditions during the job
search could also benefit from such interventions. For example, younger unemployed job
seekers suffer from higher levels of stress and more unclear job search goals and thus
interventions have proven to be particularly effective for them (Liu, Huang et al., 2014).
Limitations and Directions for Future Research

In our study, attrition due to participants finding employment, dropping out or
responding carelessly reduced our overall sample size. We do not think that these drop-outs
have a major effect on our results, as they do not seem to come from particular demographic
groups. In addition, we corrected the data by applying full information maximum likelihood
estimation and therewith estimating missing values (cf. Wang et al., 2017).

We used scales for goal establishment and goal pursuit that are well known and often

used in current job search research (Kanfer et al., 2001; Liu, Huang et al., 2014; Zikic &
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Klehe, 2006). However, following the definition of these constructs by self-regulation
theories in job search, the scales we used rather focus on single facets (e.g., we focused on
specific behavior activities when measuring goal pursuit). As there are no existing measures
of goal establishment and goal pursuit that capture them holistically (i.e., considering each
facet of their definitions), future research can optimize these measures by developing new
scales that eliminate these concerns, for example by capturing all facets (e.g., further facets of
goal pursuit are goal shielding, self-control, and self-monitoring>; van Hooft et al., 2013) or
by focusing on another facet or a different measure to capture goal establishment or pursuit.

Further, while our sample comprises three countries (Germany, United Kingdom, and
United States), and while we found no differences between those countries, even though they
differ in respect to unemployment and retirement systems (Wanberg et al., 2020) these are all
individualistic and no collectivistic (e.g., Asian) countries. In more individualistic cultures,
job seekers tend to be more motivated by their personal attitudes and less by social pressure
(van Hooft & Jong, 2009). We, therefore, recommend future research to study whether our
findings are also applicable to collectivistic countries.

In addition, this study is based on self-reported data. However, we reduced concerns
of common method variance as we used (1) a multivariate design with multiple points of
measurement enabling us to consider and test within- and between-person level effects and (2)
different scale points and anchors (Podsakoft et al., 2012). Nevertheless, future research could
gather other-reported data (e.g., from career counselors or family members) or objective data
(e.g., number of applications sent out), as well as measures of eventual job-search success.

This would enable a more holistic and thus reliable understanding of the involved processes.

3 As goal monitoring can be seen as an “after” phase of the self-regulation process (see Klehe et al. , 2021 for a
framing of career-related action phases), we ran additional analyses looking at the effects of the SOC strategies on
goal monitoring. Compensation had a positive effect on goal monitoring, whereas elective selection, loss-based
selection, and optimization had no significant effects. Results are available on request to the first author.
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Moreover, future research may capture the daily dynamics of the job search process.
As we tested the effect of goal establishment on goal pursuit without a time lag, more research
is needed to test if goal pursuit also informs goal establishment and in which time horizon this
effect may be strongest (i.e., daily or weekly). Furthermore, for unemployed job seekers, the
job search process itself usually qualifies as a rather negative experience, as it is filled with
setbacks and negative feedback (van Hooft & Noordzij, 2009; Wanberg et al., 2010). Our
findings suggest loss-oriented strategies to cope with the potential negative experiences. Since
negative aspects, such as experienced losses, are more present than positive aspects (Schmitt
et al., 2012), future research could investigate whether job seekers can change their
perceptions by focusing on positive job search experiences on a daily basis and study whether
the importance of gain-oriented SOC strategies for the job search process could be increased.

Understanding the SOC strategies as loss- and gain-oriented discloses new ways into
understanding the mechanisms of these strategies. Future research could explore potential
antecedents of mature-aged job seekers’ use of SOC strategies. Aging experiences seem to be
promising as a potential antecedent because they can also be divided in positive and negative
changes and these changes presumably would lead to the use of the respective strategy.
Specifically, future research should test if negative aging experiences guide job seekers to use
loss-oriented SOC strategies, whereas positive aging experiences guide them to use gain-
oriented SOC strategies (cf. Fasbender & Klehe, 2019).

Conclusion

Overall, this study shed light on the two central phases of mature-aged job seekers’ job
search process, specifically we found that goal establishment informed goal pursuit.
Moreover, our findings showed that both could be improved using SOC strategies and
suggested loss-based selection and compensation as beneficial coping strategies. Regarding
age and reemployment efficacy, we unravel their moderating role on these relations and

highlight their importance for the link between compensation strategies and goal pursuit.
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Table 1
Means, Standard Deviations, Cronbach’s Alphas, and Correlations of Study Variables
M SD IcC . . 13.

1. Age 51.13  7.56 —-08%  —09* -.05 —. 14%*
2. Gender® 1.31 0.46 -.03 -.04 -.04 -.05
3. Educational Level® 1.30 0.46 —-.08%  —09* -.08 —. 13%*
4. Germany® 0.22 0.42 5% 23%% 10** -.01
5. United Kingdom® 0.25 0.44 — 12%*  _D]%k  _ ]5%* -.02
6. Unemployment Duration? 5.40 3.47 — 12%%  _14%*  _]5%* — 13%*
7. Elective Selection (SOC) 3.65 1.22 .53 JI3EE - 64%%* A46%*
8. Loss-Based Selection (SOC) 3.65 1.31 .54 S56%* J14%* A46%*
9. Optimization (SOC) 4.06 1.29 .55 49** STH* 49%*
10. Compensation (SOC) 391 1.38 .67 36%* A5%% S56%* S52%*
11. Reemployment Efficacy 4.57 1.36 71 20%* 21%% 22%* 30%*
12. Goal Establishment 4.25 1.31 .65 .07* .09** d1¥* 23%*
13. Goal Pursuit 2.78 0.77 .64 14%% 2% 14%%

Note. Correlations above the diagonal depict person-level correlations (N = 623). Person-level correlations of day-level variables are based on the person mean. Correlations below

the diagonal depict day-level correlations (N = 1185). Reported Cronbach's alphas of day-level variables depict the mean over the four time points.

21 = female, 2 = male.

b1 = no university degree, 2 = university degree.

¢ = For the country dummy variables, the United States was selected as the reference group.

4 = in months.

* p<.05. % p<.0l.
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Table 2

Confirmatory Factor Analysis Fit Indices for Measurement Model

1 df CF1 ACFI RMSEA SRMR
7-factor solution 339.771 188 .945 - .026 .037
6-factor solution® 428.962 194 916 .029 .032 .050
5-factor solution® 416.060 199 922 .023 .030 .041
5-factor solution® 525.807 199 .883 .062 .037 .047
4-factor solution? 541.850 203 .878 .067 .038 .048
1-factor solution 1,408.441 209 .569 .376 .070 .096

2 Goal establishment and goal pursuit loading on one factor.

b Selection-strategies (i.e., elective and loss-based selection) loading on one common factor and optimization and compensation
loading on one common factor

¢ Gain-oriented (i.e., elective selection and optimization) and loss-oriented (i.e., loss-based selection and compensation) SOC strategies
loading on one common factor

4 All SOC strategies loading on one common factor



Table 3

Results Measurement Invariance Analyses

PREDICTING THE SELF-REGULATED JOB SEARCH

i df CFI ACFI RMSEA SRMR
1) Configural invariance (equal factor structure) 878.321 587 906 - .035 0.029
2) Metric invariance (equal factor loading) 940.223 629 .900 .006 .035 0.030
3) Scalar invariance (equal intercepts) 942.574 360 .899 .001 .035 0.030
4) Full invariance (equal residuals) 1,055.853 674 877 .022 .038 0.031

37
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Table 4
Results of Multivariate Analysis Including Control Variables
Goal Establishment Goal Pursuit Reemployment
Efficacy
Y SE p Y SE p Y SE p
Intercept 4.24%% 0.05 <.001 2.77*% 0.03 <.001
Control Variables
Germany?® 0.16 0.13 .084 -0.21** 0.07 <.001
United Kingdom® -0.27*  0.12 .075 0.10 0.06 .240
Educational Level® 0.28 0.11 .015 0.27 0.11 .081
Unemployment Duration 0.02 0.01 144 —0.01 0.01 .106
Day-Level RE 0.07 0.07 .340 0.10*  0.04 .013
Person-Level RE 0.17** 0.05 <.001 0.04*  0.02 .041
Level 1 Variables (Within-Person)
Goal Establishment 0.06*  0.02 .010
Elective Selection 0.03 0.06 .569
Loss-Based Selection 0.12%* 0.06 .043
Elective Selection X RE -0.02 0.05 .886
Loss-Based Selection X RE -0.05 0.05 .649
Optimization 0.05 0.03 .108
Compensation 0.12*%* 0.05 012
Optimization x RE 0.02 0.06 736
Compensation x RE -0.14*  0.06 .024
Level 2 Variables (Between-Person)
Age* 0.02**  0.01 .001 -0.01*  0.00 .074 =21*%* .07 .003
Goal Establishment 0.06*  0.02 .010
Elective Selection 0.07 0.06 .306
Loss-Based Selection 0.13 0.07 .066
Elective Selection X RE —-0.03 0.08 .637
Loss-Based Selection X RE 0.09 0.08 .077
Optimization 0.09*  0.03 .005
Compensation 0.21** 0.03 <.001
Optimization x RE¢ —-0.06%*  0.02 .001
Compensation x RE¢ 0.06%*  0.02 .006
-2*log likelihood 5913.09
Level 1 Variance (SE) 0.22 (0.02)
Level 2 Variance (SE) 0.25 (0.02)

Note. Level-2 N=623. Level-1 N=1185. SE = standard error. Coeff = Coefficient. RE = Reemployment Efficacy.
2For the country dummy variables, the United States was selected as the reference group.
b1 = no university degree, 2 = university degree.

¢ Age was rescaled by a factor of 10.

4Both moderation effects were not further considered as they became non-significant when tested in separate models,
whereas within-moderation and main effects remained stable.

*p<.05. % p< .0l
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Figure 1

Conceptual Study Model Including Hypotheses
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Figure 2

Within Person Two-Way Interaction Between Reemployment Efficacy and Compensation on Goal Pursuit
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